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Abstract

Language simultaneously enhances communication and segments labour mar-
kets. We study how language shapes outcomes in a global online sports
labour market using novel data on chess coaches from the popular Lichess
platform. Combining 1,314 public coach advertisements with o!cial Inter-
national Chess Federation (FIDE) records, we construct a coach–language
panel that links hourly lesson prices to coaches’ linguistic repertoires, native-
speaker status, currency of transaction, country characteristics, and language-
specific audience sizes. We estimate regressions of log hourly fees on audience
size, its interaction with GDP per capita, and indicators of multilingualism,
native language, and currency choice. Prices increase with the size of the po-
tential audience only when the relevant language is anchored in high-income
countries; in lower-income linguistic markets larger audiences are associated
with lower prices, consistent with stronger competition and lower purchasing
power. Multilingual ability per se is not rewarded once observable charac-
teristics are controlled for, while native-speaker status commands at most a
small premium confined to the lower and middle parts of the price distribu-
tion. Listing prices in a foreign currency is robustly associated with higher
fees, particularly in the upper market segment. Overall, our findings show
that digitalisation does not eliminate linguistic segmentation but reshapes it.

Keywords:
wage gap, language premium, online coaching, freelance, chess

→
Corresponding author. Email: ddagaev@gmail.com.

Preprint submitted to May 19, 2026



1. Introduction

Language serves as both human capital and a boundary in labour mar-
kets. Proficiency in the dominant language enhances communication, re-
duces information frictions, and is rewarded with higher wages and better
socio-economic outcomes (Dustmann and Fabbri, 2003; Bleakley and Chin,
2004; Miranda and Zhu, 2013). Yet language also divides markets into seg-
ments defined by linguistic a!nity and switching costs. The rise of online
platforms has reconfigured (but not erased) these dynamics. Digital labour
markets remove geographic barriers but still operate within linguistic ones:
workers and clients sort by shared languages, and language functions simul-
taneously as a skill, a signal, and a constraint on demand (Agrawal et al.,
2015). Platform features such as reputation systems, pricing transparency,
and currency options add further layers of segmentation. Prior studies show
that reputation and self-presentation influence hiring (Kokkodis and Rans-
botham, 2023; Troncoso and Luo, 2023) and automated translation a”ects
cross-border exchange (Brynjolfsson, Hui, and Liu, 2019). Yet it remains un-
clear how language proficiency and audience size are priced in these digital
contexts.

This paper examines the language segmentation of the online sports
labour market through the case of chess coaching on Lichess. Chess coaching
provides a clear setting for analysis: skills are externally verifiable through
International Chess Federation (FIDE) ratings, service delivery occurs en-
tirely online, and providers frequently advertise lessons in multiple languages
with explicit hourly rates and currencies. We assemble the universe of pub-
licly listed Lichess coach profiles, link them to o!cial FIDE player records
to recover ratings and country a!liations, and augment these data with
country-level characteristics and language-specific audience measures derived
from global chess participation statistics. By reshaping the data into a
coach–language panel, we can compare how the same instructor prices lessons
across linguistic audiences while holding constant observable skill and demo-
graphic attributes.

Our investigation addresses three interrelated questions. First, how does
the size of the potential audience associated with a language a”ect pricing,
and does this e”ect depend on the average a#uence of the relevant linguistic
community? Second, do multilingual coaches or native speakers command
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higher prices once skill and other characteristics are controlled for? Third,
does quoting prices in a non-domestic currency signal orientation toward in-
ternational demand and yield a pricing premium? To answer these questions,
we estimate OLS models at the coach–language level and complement them
with quantile regressions to explore heterogeneity across the fee distribution.

The results reveal a pattern consistent with conditional segmentation
rather than uniform returns to language. Prices rise with audience size only
when the underlying linguistic market is anchored in wealthier economies;
otherwise, larger audiences are associated with lower fees, likely reflecting
competition and purchasing-power e”ects. Multilingualism per se is not re-
warded once observables are held constant, while a modest native-speaker
premium appears only after controlling for specific languages and mainly
in the lower price tiers. Quoting in non-domestic currencies is consistently
associated with higher prices, suggesting that currency choice serves as a
meaningful device for market di”erentiation.

The study contributes to research on language and digital labour by
demonstrating that linguistic segmentation persists even in globalised on-
line environments and that its direction depends on the economic composi-
tion of audiences. It also identifies currency choice as an additional, quan-
tifiable mechanism through which providers structure their market reach.
More broadly, the findings illustrate how linguistic and monetary dimensions
jointly shape income opportunities in the emerging global marketplace for
online expertise.

2. Literature Review

The language premium is a well-established phenomenon in traditional
labour markets, manifesting in a variety of contexts. Immigrants with better
skills in the language of their destination country tend to earn higher wages
(Dustmann and Fabbri, 2003; Miranda and Zhu, 2013 — U.K.; Berman,
Lang, and Siniver, 2003 — Israel; Bleakley and Chin, 2004 — U.S.; Tam and
Page, 2016 — Australia) and achieve better educational (Aoki and Santiago,
2018; Tam and Page, 2016), marital (Bleakley and Chin, 2010; Tam and
Page, 2016), fertility (Aoki and Santiago, 2018), and health (Pandey et al.,
2021; Aoki and Santiago, 2018) outcomes. Interestingly, Yao and Van Ours
(2015) found that in the Netherlands only female immigrants experience
wage penalties for poor knowledge of Dutch. Moreover, the same study
revealed that employment probabilities are not a”ected by insu!cient Dutch
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proficiency, which contrasts markedly with the U.K. labour market, where
limited English ability significantly reduces employment chances (Dustmann
and Fabbri, 2003). One possible explanation for this di”erence is that the vast
majority of people in the Netherlands speak English fluently, so additional
knowledge of Dutch does not yield a wage premium if the immigrant already
speaks English well.

On a di”erent note, native citizens of non-English-speaking countries who
possess English skills also enjoy a wage premium for their foreign-language
proficiency (Hahm and Gazzola, 2022).

Li (2013) proposed a theoretical framework of language market segmen-
tation. The author models a city with two labour markets, a majority and a
minority one, where workers from both groups can switch between markets,
albeit at some cost. The key parameters influencing switching behaviour are
the wages available in each market. Let wi,j denote the wage that a worker
of group j → {M,m} earns in market i → {M,m} (where M stands for the
majority and m for the minority). The native–immigrant wage gap can then
be decomposed into two components. The first is the within-labour-market
wage gap (wM,M ↑ wM,m), reflecting the better knowledge of the dominant
language by the majority. The second is the within-language-group wage
gap (wM,m ↑wm,m), which represents the premium for additional knowledge
of a foreign language by minority workers. Using the 2001 Canadian Cen-
sus microdata, Li (2013) confirmed the existence of both components and
showed that the relative size of the majority and minority markets is a key
determinant of the magnitude of these e”ects, consistent with the theoretical
model.

In business contexts, language barriers may also influence firms’ economic
performance. Brochet, Naranjo, and Yu (2016) found that for firms located in
non-English-speaking countries but with English-speaking analysts, the use
of non-plain or error-prone English during conference calls is associated with
lower intraday price movements and trading volume. For consumers, prod-
uct information available in their native language can increase demand. Hin-
nosaar et al. (2023) demonstrated experimentally that providing Wikipedia
content in additional languages about specific cities a”ects tourists’ choices of
overnight visits from those linguistic communities. Technological innovations
that reduce language barriers can likewise enhance performance: Brynjolf-
sson, Hui, and Liu (2019) showed that the introduction of an automatic
machine-translation system on eBay in 2019 increased international trade on
the platform by nearly 11%.
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While most evidence on language premia concerns conventional labour
markets, the rise of online platforms (Agrawal et al., 2015) introduces new
forms of market segmentation, where language functions simultaneously as
a skill, a signal, and a boundary of market access. Comparative studies of
online and o#ine work provide mixed results. On the one hand, online work-
ers appear strongly motivated to exert e”ort and complete tasks e!ciently
(Farrell, Grenier, and Leiby, 2017), suggesting that online labour can sub-
stitute for traditional employment. On the other hand, performance may
decline when workers transition from o#ine to remote settings (Künn, Seel,
and Zegners, 2022).

The emergence of online labour markets has also prompted new questions
about the determinants of success on the web. Reputation plays a crucial role:
Kokkodis and Ransbotham (2023) found that employers on freelancing plat-
forms initially select lower-priced, low-reputation workers, but after negative
experiences tend to switch to more expensive, higher-reputation providers.
Other research highlights the importance of self-presentation. Troncoso and
Luo (2023) showed that candidates with profile photos that match the job
type are hired more frequently, even though their performance does not statis-
tically di”er from others. Evidence of gender bias has also been found: Chan
and Wang (2018) reported a higher probability of hiring women for feminine-
typed jobs, but no bias in masculine-typed occupations. In contrast, Adams
et al. (2025) detected no gender di”erences in hiring probabilities on Amazon
Mechanical Turk, but did document a 20% gender wage gap, with women
earning less. The authors attribute this gap to gendered working patterns
that slow task completion for female workers.

Finally, the recent spread of artificial intelligence is already a”ecting free-
lancers across various occupations (Hui, Reshef, and Zhou, 2024) and may
further transform both online and o#ine labour markets. Language-related
sectors are among the first to experience these changes. Even when lan-
guage is not the core task, professionals who are proficient users of large
language models may gain an additional premium by overcoming communi-
cation barriers. While the phenomenon of language segmentation in online
labour markets remains underexplored, the market for online chess coach-
ing o”ers a natural laboratory for investigating the linguistic mechanisms
shaping outcomes in digital labour platforms.
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3. Hypothesis

Building on Li’s (2013) framework of language market segmentation,
which highlights the role of relative market size and distinguishes between
within-language-group and within-labour-market wage gaps, we formulate
four hypotheses for the context of online chess coaching. In addition, platform-
specific features such as the ability to quote prices in alternative currencies
may create an extra dimension of segmentation and facilitate price discrimi-
nation.

H1. The size of the market, measured by the number of professional
chess players representing countries with the corresponding native language,
is positively associated with the price of training.

H2. All else equal, the ability to teach chess in a foreign language increases
the price of one-hour training.

H3. Native speakers set higher prices than foreign professionals.
H4. Teachers set higher prices in a currency di”erent from the currency

of their country of residence.

4. Data

The dataset was constructed from the complete set of publicly available
Lichess Coach directory profiles collected at the time of data extraction (May
16, 2025). Each raw profile contains identifying information and self-reported
attributes supplied by the coach, including optional free-text fields relating
to teaching background, playing experience, and other qualifications. Figure
1 provides an example of an advertisement from Rauf Mamedov, one of the
strongest grandmasters on the Lichess platform.

Figure 1: Advertisment from Rauf Mamedov.
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Profiles were linked to corresponding FIDE player records to obtain stan-
dardized information on country a!liation and, where available, additional
biographical and rating data; this linkage was accomplished through a com-
bination of automated matching routines and manual verification. Country
information for each coach was taken from the matched FIDE record and
used as the key through which a suite of country-level covariates was ap-
pended. The dataset comprises a total of 1,314 coach profiles. According to
summary statistics from Table 3, the average rating of the coaches is 2274,
which corresponds approximately to the level of a FIDE Master.

Country covariates were assembled from publicly accessible reference com-
pilations. O!cial languages by country and territory, national population
counts, and circulating national currencies were extracted from the relevant
Wikipedia lists. The sample includes coaches from 110 countries, with the
most frequent representation from Russia, India, and Ukraine, as shown in
Table 1. The share of female coaches di”ers across countries: across the
top–10 countries it averages about 12%, ranging from only 2% in the United
States to 25% in Cuba. Average FIDE ratings also di”er with the highest
average among top–10 countries in Ukraine (2341).

Table 1: Top–10 countries by number of coaches

Country Number of coaches Female share Average FIDE rating

Russia 151 0.15 2299
India 83 0.13 2223
Ukraine 74 0.12 2341
Serbia 67 0.06 2260
Cuba 60 0.25 2267
United States 60 0.02 2230
Poland 54 0.17 2311
Argentina 49 0.06 2232
Spain 39 0.05 2292
Germany 36 0.11 2308

Country-level gross domestic product (GDP) data were obtained from the
World Bank. GDP per capita was computed by dividing GDP by population,
and a binary indicator was created to flag countries whose GDP per capita
exceeded the sample mean across all countries represented in the data —
above mean (GDP per capita). In addition, the FIDE records were used to
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tabulate the number of registered players by country. These country counts
were subsequently reallocated to languages by summing player counts across
all countries in which a given language holds o!cial status (for example, the
Russian-language total aggregates players from both the Russian Federation
and Belarus) — language audience.

In profiles, coaches may indicate the languages in which they are able
to provide chess instruction. In total, 50 di”erent languages were reported.
The most commonly mentioned languages are English, Russian, and Spanish.
It is noteworthy that for only about one quarter of the coaches who listed
English, the language is native, whereas for approximately half of those who
listed Russian it is native and for just 17% of those who listed Spanish it
is their national language, as shown in Table 2. Spanish has the largest
language audience, followed by Hindi and Russian. This indicates that, even
if some languages are less common among coaches (e.g., Hindi or French),
their potential reach is substantial due to large national player populations.
Conversely, languages such as Polish or German, while often indicated by
coaches, are associated with comparatively small total audiences.

Table 2: Top–10 languages by number of indications

Language # Indications Share foreign Audience (100k)

English 1044 0.76 1.14
Russian 408 0.52 1.45
Spanish 309 0.17 2.16
Polish 89 0.10 0.51
German 80 0.48 0.65
Ukrainian 74 0.24 0.21
Serbian 66 0.23 0.14
French 61 0.51 1.27
Turkish 54 0.56 0.53
Hindi 53 0.13 1.64

Because each coach may o”er instruction in multiple languages, the unit
of observation was redefined for analysis. The initial extract comprised one
record per coach advertisement; the data were reshaped so that each record
corresponds to a unique coach–language pair. Thus, a coach advertising
lessons in three languages contributes three analytic observations. Price in-
formation required further standardization. Coaches report lesson rates in
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one or more currencies; all quoted amounts were converted to U.S. dollars
using a single contemporaneous exchange-rate snapshot to facilitate compa-
rability. When a coach listed prices in both the national currency and in U.S.
dollars, the price associated with the coach’s national currency was assigned
to the observation corresponding to the national (e.g., Russian) language,
whereas the dollar-denominated rate was assigned to the observation cor-
responding to a non-national (e.g., English) language. A dummy variable
native currency records whether the assigned price was originally quoted in
the coach’s national currency (1) or not (0).

A foreign-language indicator foreign ability was defined at the coach level
and inherited by the coach–language observations: it takes the value 1 if
the coach o”ers instruction in at least one language that is not an o!cial
language, and 0 otherwise.

Finally, to capture the richness of qualitative self-presentation, all op-
tional narrative fields within a coach profile were concatenated into a single
text string after extraction, and text length was measured as the total num-
ber of characters in that combined field — length of profile.

Table 3: Descriptive statistics (N = 2,678)

Variable Min Max Mean Std. Dev.

price USD 1.124 300.000 38.373 27.227
language audience (100k) 0.002 2.156 1.068 0.595
above mean (GDP per capita) 0 1 0.346 0.476
female 0 1 0.140 0.347
native currency 0 1 0.296 0.457
native speaker 0 1 0.503 0.500
foreign ability 0 1 0.792 0.406
length of profile (1k) 0.054 17.969 1.786 1.692
FIDE rating/100 16.170 26.760 22.741 1.634
GDP per capita 0.001 0.229 0.021 0.022
English knowledge 0 1 0.390 0.488
Russian knowledge 0 1 0.152 0.359
Spanish knowledge 0 1 0.115 0.320
Polish knowledge 0 1 0.033 0.179
German knowledge 0 1 0.030 0.170
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5. Empirical Strategy

To evaluate the hypotheses, we estimate ordinary least squares (OLS)
models at the coach–language level. The baseline specification is:

ln(priceilc) =ω0 + ω1 audiencel + ω2 foreigni + ω3 nativeil + ω4 natcurril+

+ ε↑Xic + ϑilc, (1)

where ln(priceilc) is the natural log of the USD lesson rate for coach i in lan-
guage l from country c; audiencel is the size of the language audience (in 100k
players); foreigni indicates that coach i teaches in at least one non-o!cial lan-
guage; nativeil indicates that language l is native to coach i; natcurril flags
that the observation’s price was quoted in the coach’s national currency; Xic

is a vector of controls (above-mean GDP per capita, FIDE rating, GDP per
capita, and female), and ϑilc is an error term.

To allow the audience e”ect to vary with national a#uence, we include
an interaction:

ln(priceilc) = ω0 + ω1 audiencel + ω2 audiencel ↓ I{GDPpcc > GDPpc}+
+ ω3 foreigni + ω4 nativeil + ω5 natcurril + ε↑Xic + ϑilc. (2)

Finally, we augment the model with specific language knowledge indicators:

ln(priceilc) = ω0 + ω1 audiencel + ϖE Englishil + ϖR Russianil + ϖS Spanishil+

+ ϖP Polishil + ϖG Germanil + ω2 foreigni + ω3 nativeil + ω4 natcurril+

+ ε↑Xic + ϑilc. (3)

To examine heterogeneity along the price distribution, we complemented
the OLS estimates with conditional quantile regressions. We estimated the
same specifications as in the OLS analysis: the Base, Interaction, and Lan-
guage models on the deciles of the conditional distribution of log(price in
USD). The coe!cient paths are shown as point estimates with 95% confi-
dence intervals.

6. OLS regression results

Table 4 reports the regression results.
The first hypothesis predicted higher prices in larger linguistic markets.

In the Base model the coe!cient on language audience is negative, implying
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Table 4: Linear regression results (dependent variable: log(price USD))

Base Interaction Language

Key variables
Lang. audience (100k) ↑0.065*** ↑0.108***

(0.017) (0.020)

Lang. audience ↓ above-mean GDPpc 0.144***

(0.034)

English knowledge 0.051**

(0.025)

Russian knowledge ↑0.040
(0.030)

Spanish knowledge ↑0.226***

(0.032)

Polish knowledge ↑0.055
(0.055)

German knowledge ↑0.015
(0.056)

Controls
Above-mean GDPpc 0.123*** ↑0.011 0.134***

(0.029) (0.043) (0.031)

Native currency ↑0.058** ↑0.064*** ↑0.063***

(0.024) (0.024) (0.024)

Native speaker ↑0.034 ↑0.023 0.038*

(0.022) (0.022) (0.021)

Foreign ability ↑0.020 ↑0.022
(0.028) (0.028)

Female 0.212*** 0.220*** 0.223***

(0.061) (0.061) (0.060)

Profile length (1k) 0.026*** 0.026*** 0.028***

(0.005) (0.005) (0.005)

FIDE rating (100) 0.100*** 0.101*** 0.100***

(0.010) (0.010) (0.010)

GDP per capita 6.374*** 6.236*** 5.997***

(0.613) (0.612) (0.623)

Constant 0.928*** 0.958*** 0.846***

(0.232) (0.231) (0.229)

Title e!ects Yes Yes Yes

Observations 2678 2678 2678

R2
0.379 0.384 0.393

Adj. R2
0.375 0.379 0.388

Notes: Standard errors in parentheses. p→ < 0.10, p→→ < 0.05, p→→→ < 0.01.
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that, holding other factors constant, an additional 100,000 players in the
relevant language community is associated with approximately a 6.5% lower
listed price. When the specification allows the audience e”ect to vary with
national a#uence, the main e”ect remains negative while the interaction
with an indicator for above-mean GDP per capita is positive. For coaches
from higher-income countries the combined marginal e”ect therefore turns
positive at roughly 3.6% per 100,000 potential students, whereas for coaches
from lower-income countries the association remains negative. The evidence
thus supports a conditional version of Hypothesis 1: prices rise with market
size only when the language is anchored in richer economies.

The second hypothesis posited a premium for multilingual tutors. The
foreign ability indicator, flagging coaches who teach in at least one non-o!cial
language, is economically small and statistically indistinguishable from zero
across specifications, indicating no earnings advantage from merely o”ering
instruction in additional foreign languages once other observables are held
constant. Hypothesis 2 is therefore not corroborated.

The third hypothesis anticipated a native-speaker premium within a given
linguistic segment. In the base and interaction specifications the native-
speaker coe!cient is negative and not statistically significant, providing no
evidence of a premium absent further controls. However, once the model
conditions on specific language proficiencies through separate dummies, the
native-speaker coe!cient turns positive and attains marginal significance at
the 10% level. This pattern suggests that more granular control for language-
specific demand and supply reveals a modest native premium of about 3.8%
that is masked in the pooled analyses. Consequently, the evidence for Hy-
pothesis 3 is mixed.

The fourth hypothesis predicted higher prices when lessons are quoted
in non-domestic currencies. The coe!cient on the native-currency indicator
is consistently negative and statistically significant across all models, which
implies that pricing in a foreign currency is associated with approximately
5.8–6.4% higher fees, all else equal. This is consistent with either purposeful
price discrimination across client segments or the pass-through of conversion
costs.

7. Quantile regression results

Figures in this section present how the main covariates are priced across
the coach fee distribution. Overall, the quantile patterns confirm the OLS
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findings while revealing meaningful heterogeneity at the tails. The audience
variables behave essentially the same as in OLS. Larger potential language
audiences are associated with higher prices at all points of the distribution,
and the interaction with the high-income indicator (above-mean GDP per
capita) remains positive (Figure 2). In other words, the market-size channel
is robust, and its economic magnitude does not hinge on where a coach sits
in the price distribution.

Figure 2: Quantile regression. Language audience adjusted by high-income indicator

OLS suggested an average discount of about 6% for listing in a native
currency rather than USD. The quantile regressions reveal that this discount
is not uniform (Figure 3). It is negligible and statistically indistinguishable
from zero among low-price coaches, becomes progressively larger and more
precisely estimated as prices rise, and reaches roughly –10% from the 70th
percentile upwards. Hence, the “native-currency discount” is concentrated
in the upper market segment.
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Figure 3: Quantile regression. Native currency

In OLS, native-speaker status is not robustly priced; only in the Language
specification do we detect a modest +4% premium. The quantile regressions
sharpen this result (Figure 4): significance appears only in the Language
model and only in the 20th–50th percentiles, where the premium is about
+5% and statistically significant at the 5% level. Above the median the
e”ect fades and becomes indistinguishable from zero. This pattern indicates
that any native-speaker premium is confined to the low-/mid-price segment
rather than the top of the market.

Figure 4: Quantile regression. Native speaker
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Consistent with OLS, the foreign ability indicator is not priced. Across
the distribution the coe!cients are small and never statistically di”erent from
zero; allowing for interactions does not change this conclusion. For most
specific languages like English, Russian, Polish, and German the quantile
estimates are largely insignificant, with only sporadic significance at isolated
quantiles and no stable sign pattern. We therefore do not interpret these
as economically meaningful premia or discounts. The exception is Span-
ish. Mirroring OLS, Spanish knowledge is negatively associated with price
and statistically significant across much of the distribution (Figure 5). Im-
portantly, the magnitude attenuates toward the top quantiles and becomes
insignificant among the very highest-priced coaches, indicating that the Span-
ish discount is strongest in the lower and middle market segments and does
not extend to the very top.

Figure 5: Quantile regression. Spanish language

Taken together, the quantile evidence depicts a segmented market rather
than a single pricing rule. Audience size is rewarded throughout the distri-
bution, consistent with a demand–expansion mechanism: coaches who can
reach more learners, especially in higher-income countries, face a larger pool
of willing buyers and can sustain higher fees. By contrast, listing prices in
a native currency carries a discount that grows with price. Lower-priced
coaches mainly serve local clients for whom currency choice is immaterial,
whereas higher-priced coaches increasingly target global buyers. Language
attributes display similarly sharp heterogeneity. “Native speaker” status
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yields a small premium only in the lower/middle price segment and only
once languages are explicitly modeled. This is consistent with a scenario in
which basic linguistic clarity is valued by more price-sensitive learners, while
at the top end reputation, competitive record, and niche expertise dominate
language considerations. Most specific languages do not command system-
atic premia, with one exception: Spanish knowledge is associated with lower
prices in the bottom and middle of the distribution, but the discount dissi-
pates among the most expensive coaches.

8. Conclusion

This paper investigated how language influences economic outcomes in
a global online labour market, using novel data on chess coaches from the
Lichess platform. By linking coach profiles to o!cial FIDE records and con-
structing a coach–language dataset, we analysed how audience size, linguistic
background, and currency choice shape posted lesson prices. The results show
that digitalisation does not eliminate linguistic segmentation.

Our findings complement and extend previous evidence from traditional
labour markets. Consistent with earlier studies documenting language-related
wage premia (Dustmann and Fabbri, 2003; Bleakley and Chin, 2004; Miranda
and Zhu, 2013), we find that language remains economically relevant even
when work occurs entirely online. However, rather than a universal premium,
we observe that linguistic returns are conditional on macroeconomic context.
Prices rise with audience size only when the language is rooted in wealthier
economies. In lower-income linguistic markets, larger audiences correspond
to lower prices, reflecting intensified competition and lower purchasing power.
This conditional pattern parallels cross-country evidence that the value of
language proficiency depends on the dominant language environment.

The absence of a general premium for multilingual coaches contrasts with
the positive returns to foreign-language skills found in traditional employ-
ment settings (Hahm and Gazzola, 2022). This divergence suggests that in
online service markets, multilingualism expands potential demand but does
not guarantee higher revenue, possibly because clients face low switching
costs and evaluate providers based on other attributes such as ratings or
experience. The modest native-speaker advantage we detect echoes findings
from studies showing that language clarity improves perceived quality and
trust but only within limited market niches. Finally, the robust positive as-
sociation between pricing in a foreign currency and higher fees reveals an
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additional segmentation mechanism absent from o#ine settings: currency
choice signals international market orientation and allows providers to target
higher-paying clients.

Overall, the online sports labour market appears stratified by both lin-
guistic and monetary factors. Even in a friction-reducing digital environment,
language continues to structure market access and shape income opportuni-
ties. The interaction between linguistic reach and audience a#uence implies
that globalization amplifies pre-existing inequalities across language commu-
nities rather than erasing them. For platforms, this highlights the need for
mechanisms that bridge linguistic segments, such as integrated translation
tools or cross-language reputation systems, to mitigate matching ine!cien-
cies. For providers, the results suggest that strategic choices of language and
currency can materially a”ect market positioning.

Despite these contributions, several limitations should be acknowledged.
First, the analysis relies on posted prices rather than realised transactions,
which may di”er due to negotiation. Second, language indicators are self-
reported and may not capture actual proficiency or the quality of communi-
cation. Third, the measure of audience size, based on aggregated FIDE data,
approximates but does not directly observe the number of active potential
clients in each linguistic group. Finally, the study focuses on a single pro-
fessional domain, chess coaching, and caution is warranted in generalising to
other online occupations with di”erent demand structures. Addressing these
limitations in future research, especially with transaction-level or behavioural
data, could provide deeper insights into how linguistic and monetary segmen-
tation jointly shape earnings in global digital labour markets.
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