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Abstract                                   

The boom of the stock market and the pension reform have stimulated rapid growth of the 

financial management industry in Russia. The objective of this paper is to evaluate performance of 

Russian mutual funds during the post-crisis period from 1999 to 2003. The main research question of the 

paper is whether the active portfolio management creates the value added for fund investors, in excess of 

the transaction costs. Our main results are based on the mean-variance spanning methodology (see,e.g. 

DeRoon and Nijman, 2001), testing the hypothesis whether the addition of a mutual fund to a typical 

investor’s portfolio improves its risk-return trade-off. We find that returns of  most mutual funds are well 

explained by a passive portfolio of Russian blue chips and corporate bond index. On average, mutual 

funds marginally outperform the benchmark portfolio. 

 

Бурное развитие фондового рынка и проведение реформы пенсионной системы вызвали  

быстрый рост в индустрии управления финансами. Целью данной работы является анализ 

финансовых результатов российских паевых инвестиционных фондов в послекризисный период с 

1999 до 2003 гг. Главный вопрос, который исследуется в настоящей работе – создает ли активная 

политика управления фондом добавленную стоимость для инвесторов сверх транзакционных 

издержек. Наши главные выводы основываются на применении методологии проверки сдвига 

эффективной границы (DeRoon and Nijman, 2001), позволяющей тестировать гипотезу о том, 

насколько добавление взаимного фонда в типичный инвестиционный портфель улучшает 

соотношение риска и доходности. Мы обнаружили, что финансовые результаты большинства 

фондов с учетом риска хорошо объясняются доходностью пассивного портфеля, составленного из 

голубых фишек и индекса корпоративных облигаций. Также мы нашли, что, финансовые 

результаты среднего фонда несколько выше, чем результаты пассивного портфеля. 
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Introduction                                                                                                                             1 

 Mutual funds have existed and effectively operated in many developed countries for more than 80 

years. The last decade of 20th century was the period of mutual fund blooming. For instance, in 1990 

about 3100 mutual funds functioned in the US, with the total net assets of approximately $1 trillion. In 

2001 the number of mutual funds working in the US exceeded 8300, and their net capitalization became 

more than $7 trillion. In Europe the similar situation took place.  

 The first Russian mutual fund was formed in 1996, and at the end of 2003 more than 153 mutual 

funds were active in Russian Federation. In 2003 the capitalization of Russian mutual funds has increased 

six-fold and exceeds $2.6 billion. The stock market net capitalization has increased in 1.7 times only in 

2003 and exceeds $180 billion.  

 Similarly to other financial assets, the investment in mutual funds implies financial risks. 

However, investing in mutual funds has several advantages compared to direct investment in the stock 

market: 1) funds decrease transaction costs, 2) shareholders can transfer money among funds of the same 

asset management company, and 3) officials of mutual funds claim that fund assets are managed 

professionally. Therefore, mutual funds are especially attractive for small individual investors rather than 

for large ones. It is very important to know whether the active mutual fund portfolio management creates 

the value added for these investors. If it does not, it may be more profitable for the consumers invest in 

the benchmark portfolio or in the low-cost index fund.  

 The recent literature has developed two main approaches of performance evaluation of mutual 

funds: return-based (e.g. Gruber, 1996) and portfolio-based (e.g. Daniel, 1997).  The first approach 

employs the mutual fund returns, while the second one uses a passive benchmark portfolio replicating the 

fund portfolio risk characteristics. The positive difference between the fund and the benchmark portfolio 

returns indicates that whether the fund managers have superior knowledge or skills that allow them to 

outperform the benchmark portfolio. The existing empirical evidence shows that U.S. mutual funds have 

on average negative or neutral risk-adjusted performance. For example, Gruber (1996), applying a four 
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factor model with the market, size, growth, a bond factors to measure Jensen’s alphas, finds that U.S. 

stock funds underperformed an appropriately weighted average of the four factor benchmark portfolio 

indices. Daniel et al (1997) using  as a benchmark portfolio the return on a portfolio that is matched to the 

fund equity holdings each quarter on the basis of size, book-to-market, and one-year momentum 

characteristics, find that the performance earned by managers of active funds is not significantly greater 

than the difference between their expenses and expenses of passive index funds. 

 Ferson and Schadt (1996) point that the standard approaches to measure performance are based on 

the assumption of the independently and identically distribution of asset returns. However, asset returns 

are to some extent predictable. For example, stock and bond future returns can be forecasted by variables 

like lagged returns and short term interest rates. They propose to incorporate publicly available 

information to measure performance. In their conditional model, Jensen’s alpha is based on a factor 

model with time depending betas that are linear function of lagged variables including public information. 

Ferson and Schadt find that the Jensen’s alpha distribution obtained under conditional model is consistent 

with neutral mutual fund performance, while unconditional alphas states underperformance of an average 

mutual fund. 

 The Russian mutual fund data description is provided in the Section 2 of the paper. In the 3d 

Section of this work  performance evaluation technics are descussed. Performance evaluation of  Russian 

mutual funds is carried out in the Section 4 using both unconditional and conditional models. The Section 

5 shows year-to-year performance of mutual funds based on the unconditional benchmark portfolio. In the 

Section 6 we check the robustness of obtained results. The Section 7 represents the results of mutual fund 

portoflio simulation. The final section provides some concluding remarks. 
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Data Description                                                                    2 

  

 

               a)                      b) 

 
 Figure 1 Mutual fund classification by the openness to their investors. Chart a) shows the number of each type of 
funds that were active at the end of 2003 in Russia.  1) 93 – open funds (black), 2) 43 – interval funds (white), 3) 17 – closed 
funds (grey).  Chart b) depicts the share of the market of every mutual fund type.  1) Open fund share was only 12 per cent of 
total net assets of all mutual funds, 2) interval funds took about one third of the market, 3) 59 per cent was the part of closed 
finds. 
 

 Thus, 153 mutual funds were active in Russia at the end of 2003 year. 

 The most frequent funds were open funds that account for about 60 % of the mutual fund 

population. These funds are open every day for buying or selling of fund shares, therefore, they are 

inclined to invest in the liquid securities. Unfortunately, this category of mutual funds shares only 12 per 

cent of this financial industry market. 

 Approximately three funds from ten were interval funds. Interval funds are open for transactions 

only several times a year, so these funds usually keep their assets in the stocks of companies that have a 

potential for rapid growth and development, although they may be less liquid. Figure 1b shows that the 

market share of this type of funds is almost 30 per cent. More than 62 per cent of total net assets of 

interval fund belongs to four Nikoil Asset Management interval funds.  
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 Although, closed funds were the less frequent funds - only 17 from 153, they took almost 70 per 

cent of the total net assets.  The main goal of closed funds is the efficient asset management for a very 

limited number of investors. Closed funds are aimed to deal with an allocation of cash flows in the most 

desired way for special purposes (e.g. office block building). Unfortunately, taking into account the 

closed fund features, it is inappropriate to apply performance evaluation methods for open and interval 

mutual funds to closed ones. Thus, the present work leaves out of its framework closed fund performance 

evaluation problem. 

  

  

 

 

 

 

 

 

   a)       b) 

 

 Figure 2 Mutual fund classification by the type of investments. Chart a) shows the number of each type of funds that 
were active at the end of 2003 in Russia. Chart b) depicts the share of the market of every mutual fund type.  1) Stock fund 
share was 63 per cent of the total net assets of all mutual funds, 2) mixed funds took about one third of the market, and 3) 2 per 
cent only was the share of bond finds. Unfortunately, data about venture, index and money funds is not available.  
 

 Figure 2 provides the information concerning the classification of Russian mutual funds by the 

type of investments. The most frequent type was a mixed mutual fund – almost 40 per cent (61 from 153) 

of all active mutual funds at the end of 2003. The mixed fund share of this market was 35 per cent. Mixed 

mutual funds can invest in the stocks and in the bonds. 

 Although, equity (stock) mutual funds were only on the second place by frequency (52 from 153), 

they had 63 per cent of total net assets. These funds invest primarily in the stocks, but can hold a small 

part of their assets in bonds. 
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  Bond mutual funds occupied about 2 per cent of this financial management industry market. 

Figure 2a shows that at the end of 2003 the number of bond funds was 30. Conversely to stock funds, 

bond mutual funds invest primarily in bonds and also can hold some part in stocks.  

 There were six real estate funds (all of them were closed funds), two closed venture funds, one 

open money fund, and one interval index fund in the mutual fund market. 

 The data on Russian mutual funds is provided by investfunds.ru project (www.investfunds.ru). 

The analysis conducted in this paper concerns the time period from 01.01.1999 (to exclude the effect of 

1998 year default) to 31.12.2003. So, at the beginning, we have data on 153 Russian mutual funds, but 

finally, a large number of mutual funds are excluded from the analysis, because they have data 

insufficiency problem. Some of these funds have too short history (less than a year at the end of 2003). 

The others are interval funds; these funds recount share price once a month at best, and as a result these 

funds do not have enough observations to carry out the analysis. The only interval funds recounting daily 

share price are funds controlled by Nikoil Asset Management, namely – “Лукойл Консервативный”, 

“Лукойл Фонд Профессиональный”, “Лукойл Фонд Первый” и “Лукойл Фонд Перспективных 

Вложений”.  These mutual funds are included in our analysis. Finally, the sample includes 33 Russian 

mutual funds. 

  In this work the stocks of the most liquid Russian companies - Yukos, RAO UES, Gazprom, 

Lukoil, Rostelekom, Sibneft, Surgutneftegas, Sberbank as well as S&P RUX, S&P RUX industrial and 

Corporate Bond indices are used for setting up the benchmark portfolios. During the sample period these 

stocks were traded on Russian Trading System (RTS) and Moscow Interbank Currency Exchange 

(MICEx), Moscow Stock Exchange (MSE), and “Saint-Petersburg” Stock Exchange (SPSE).  Almost all 

selected stocks were primarily traded on RTS and MISEx. The stock trading activity was different 

between these two stock exchanges, so in summer 2001 MISEx has became the most popular transaction 

place. Gazprom stocks were traded on MSE till summer 2001, but later all Gazprom stock transactions 

were transmitted to SPSE. 

 This paper also uses the U.S. dollar exchange rate, Urals oil price and 30 day risk free return rate 

as macroeconomic parameters.  
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Table 1. Some Summary Data Statistics during the Sample Period of Time 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 This table provides summary statistics during the sample period of time concerning data that is used in this paper.  
The summary statistics is available almost for all assets during the sample span, with the exception of corporate bond index 
that is available for the last two years only. To calculate summary statistics all assets were recounted in the rubles terms if it 
was required.  
 
 
 



 10

Methodology                           3 

 The first and still one of the most popular measures of fund performance was suggested in 1960 

by Sharpe. It measures the fund excess return earned per unit of risk exposure. 

                                      

                                                                                                                                                          (1) 

                                                                                                                                                                                    

where  iR   is mean of mutual fund return, iσ is the standard deviation of returns, RF   is the  risk free 

return. If the fund’s Sharpe ratio (the slope of the line connecting the position of the fund with the point of 

the risk-free rate of return) is less than the slope of the capital market line, this serves as the evidence that 

the fund underperformed the market. 

 In 1969 Jensen proposed another fund performance measure. Jensen’s alpha is given by the next 

regression:            

                   

                                   (2) 

 

where Rit
   is the mutual fund return, RF   is the risk free return, , Rk  is the return of  the k-th factor. 

Jensen’s alpha is interpreted as the difference between excess mutual fund return and excess return of the 

passive portfolio of K-factors. A positive and statistically significant Jensen’s Alpha witnesses that  active 

fund management creates the value added (taking into account asset management company revenues, but 

without loads). 

 Although, Jensen’s alpha and the Sharpe ratio are used to measure fund performance, there is an 

important difference between them. The Sharpe ratio is defined in fund portfolio terms, while Jensen’s 
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alpha is defined in terms of one portfolio relative to another. The Sharpe ratio answers the question 

whether one fund should to be preferred to another. Jensen’s alpha indicates whether the investor can 

benefit from investing in the new assets. Nonetheless, there is a close relation between these performance 

indices. Jensen’s alpha along with the covariance matrix of the errors tε   determines the potential 

improvements in the maximum reachable Sharpe ratio from new asset additions. 

 The objective of this paper is to answer the question “Does the active portfolio management create 

the value added on top of the transaction costs?”. Thus, the performance evaluation of Russian mutual 

funds is the cornerstone of the paper. To answer the question we use both unconditional and conditional 

(scaled returns) approaches (e.g. DeRoon, Nijman, 2001).  

 Under the unconditional approach excess fund’s returns run on factor excess returns as in (2), 

assuming that betas are constants over time.  

 Conditional approach differs from the previos one by the assumption that time depending betas 

that are linear function of lagged variables including public information. 

              

                         (3) 

 

where Zl
t-1 is an instrumental variable, containing information from the previous period of time, for 

example, macroeconomic data on oil price or exchange rate. In this case we have K factors and 2K 

instrumental variables in the benchmark portfolio (l refers to the number of instruments).  

 To study  whether the active portfolio management creates the value added, this paper uses the 

mean-variance spanning approach. If the mean-variance frontier  of the benchmark portfolio assets  plus 

the new assets (in our case – an mutual fund) coincides with the frontier of the benchmark portfolio assets 

only, there is spanning. In this case, no mean-variance investor can benefit from adding the new assets to 

his/her optimal portfolio of the benchmark portfolio. DeRoon and Nijman (2001) provide a method of 

mean-variance spanning testing. 
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 Mean-variance investors face the problem ( )[ ]1max +tw
WUE , where ( )[ ]⋅UE  is of the form 

( )wwwf RRR Σ','µ  with f increasing in the first argument and decreasing in the second argument. Rµ  is 

the K-dimension vector containing expected factor returns. Thus, a mean-variance efficient portfolio w* 

is the solution to the problem: 

                         (4) 

where k refers to the number of regressors in the initial set, R – to the asset returns,  Rµ  and RRΣ  are the 

asset returns expectation and covariance matrix respectively, ki  is a K-dimension vector containing ones, 

γ  is the coefficient of risk aversion, η  is the Lagrange multiplier. 

  From the first order condition of this problem, it follows that a portfolio weights are mean-

variance efficient if there exist scalars γ  and η such that  

                                   (5) 

 If there is mean-variance spanning then all mean-variance efficient portfolios *w  must have the 

following form: 

                                   (6) 

 

where *
Rw  - is the solution to the Markowitz problem with initial set of factors, N – is the number of 

additional assets (in our case N equals one), 0N is the N – dimensional vector containing zeros. 

  I.e. for all values of scalars  γ  and η  it must be true: 

                         (7) 

 If such a portfolio *w  exists, there is mean-variance spanning. In the other words, the mean-

variance frontier of the benchmark portfolio lies on the mean- variance frontier of the benchmark 

portfolio plus additional assets.  
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 The next step is to derive the restriction on the distribution of benchmark portfolio factor set and 

on benchmark portfolio factors and additional assets set that are equivalent to mean-variance spanning. 

To do so, substitute equation (5) in the last N rows of equation (7)  to obtain:   

                         (8) 

where r refers to the set of dimension N.  

 This equation should be hold for any  γ  and η , and this can only be the case if 

0=⋅− Rr µβµ  and ,0=−⋅ NK iiβ                                                                                                       (9) 

where 1−Σ⋅Σ= RRrRβ . 

 If these restrictions hold, every point  on the mean-variance friontier of the benchmark portfolio is 

also on the mean-variance frontier of the benchmark portfolio plus additional N assets. 

 Thus, to test whether mutual fund managers create the value added we should to test joint 

hypothesis: Jensen’s alpha is equal to zero and sum of  all factor weights (betas in the regression (2)) is 

the unity.  The Wald test statistic for spannig can be written as  

                       (10) 

  

where                                                                       (11a) 

 

and                                                                                 (11b) 

∧

b  is the OLS estimate of ( )( )'αβvecb = , a (K+1)N – dimensional vector, 
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evaluation. They argued that restrictions on the regression coefficients that are imposed by the hypothesis 
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testing whether the Jensen’s alphas are zero for all values of η .   This paper shows that the test statistics 
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for spanning can be interpreted in terms of Jensen’s alphas and Sharpe ratios. It is shown that the Wald 

statistics for spanning can be written as 

 

 

                       (12) 

 

where RRR AB /0 =η  - return of a benchmark portfolio,  with 0ˆRσ  - possible minimum of variance. 

Similarly,    0σ̂  is the variance minimum of a portfolio containing a benchmark portfolio and additional 

assets (mutual fund in out case).  )(ˆ ηθ R  is the Sharpe ratio of a mean-variance efficient portfolio for any 

given η  

In the same way, )(ˆ ηθ is the maximum possible Sharpe ratio.  

                            (13) 

where Jα  - Jensen’s alphas, V – the covariance matrix of 1+tε . 

 In the appendix 1 the discussed methodology is illustraded by the example of “ПИО Глобал 

Фонд Сбалансированный”.  

 Measuring the performance of Russian mutual funds we apply two main models – market and blue 

chips ones. 

 1. Market Model. We consider two specifications of the market model. In the first specification of 

the model  the excess returns of Russian mutual funds are regressed on the excess returns of the market 

portfolio -S&P RUX. In the second specification we add another factor to the benchmark portfolio – 

corporate bond index.  

 2. Blue Chip Model. Under this model the stocks of Yukos, RAO EES, Gazprom, Lukoil, 

Rostelekom, Sibneft, Surgutneftegas, Sberbank are used as factors of the benchmark portfolio.  We 

consider two approaches of performance evaluation based on the blue chips model – unconditinal and 

conditaional . Every approach is executed in two specification specification – without and with corporate 
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bond index in the benchmark portfolio. Under scaled returns approach the U.S. dollar exchange rate and 

Urals oil price are used to create instrumental variables containing macroeconomic information.   

 Under the unconditional model we use weekly data, but under the conditional model we always 

use daily data to avoid insufficient data problem. Unfortunately, we have the corporate bond index data 

only for two last years of the sample period – from the beginning of 2002 to the end of 2003. Therefore, 

we always consider two specifications of the benchmark portfolio – without and with corporate bond 

index. Every time when we apply the benchmark portfolio with corporate bond index, the sample period 

is reduced to two years (2002-2003). 
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Discussion of the Results                                                       4 

4.1. Market Model Results 

 Table 2 listed below represents the regression results of the excess returns of Russian mutual 

funds on  the  excess  returns of the  market  portfolio - S&P RUX (the first part of the table),  and  on  the  

Table 2.  Market Model Results 

 
 The table shows the market model results. The table is across subdivided into three parts, corresponding to the number 
of mutual fund types. This table has vertical division into two main parts in compliance with the model specifications. The 
alpha column refers to the Jensen’s alphas values for each mutual fund. Jensen’s alphas are transformed in the annual return 
terms. The “Sign.” columns refer to the Jensen’s alpha significance. The Wald column shows the Wald spanning statistics 
values. Under the model without corporate bond index, the Wald spanning statistics below the critical value are highlighted by 
blue color. Under the model with corporate bond index, the Wald spanning statistics more than the critical value are 
highlighted by red color. The Wald spanning statistics critical value is 5.991.The fund Sharpe ratios are calculated for 2003. 
The last column shows the average mutual fund returns during the fund time existence. 
 

excess returns of S&P RUX and corporate bond index (the second part of the table),  during mutual funds 

time existence. The table shows that in the model with market factor only 6 mutual funds have positive 
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and statistically significant Jensen’s alphas. Although, this model explains very well the stock and open 

mixed funds (corresponding Jensen’s alpha are positive, but statistically insignificant), it seems 

inappropriate for measuring performance of bond funds. 

 Under the second model that uses market and corporate bond indices in the factor set of the 

benchmark portfolio, only 3 mutual funds have statistically significant and positive Jensen’s alphas (two 

bond and one mixed interval funds). In spite of the relatively short time span, the second model evaluates 

the fund performance more properly than the model with the market factor only. In this specification the 

sum of factor weights in the several cases exceed the unity, but in this section we do not test whether 

these values statistically differ from the unity. The table also shows that under the second model an 

average fund of each type does not outperform the benchmark portfolio at 5 per cent significance level. 

Nonetheless, an average mutual fund outperforms the benchmark portfolio at 10 per cent significance 

level. 

  In table 1 we can see mutual fund Sharpe ratios that are calculated for 2003. At the bottom of the 

table the Sharpe ratio of hypothetical S&P RUX index mutual fund for 2003 is given. It can be easy 

concluded that almost all funds outperformed S&P RUX index, and only 5 funds performed badly. It can 

be seen from the table that funds controlled by Nikoil Asset Management have the largest Sharpe ratios. 

Such funds hold a significant part of their assets in the second tier stocks, so a sudden collapse of Russian 

stock market does not strike interval funds. 

 In the last column of the table the average annual returns calculated during the fund existence are 

shown. It follows from our analysis that an average bond fund has the Sharpe ratio considerably greater 

than the values of an average stock fund and has almost the same average annual return.  This 

phenomenon can be easily explained by the fact that the bond market volatility is very small with respect 

to the stock market one. 

 Notice, that whereas we obtain Jensen’s alphas by running the regression of the mutual fund 

excess returns on the excess returns of the benchmark portfolio factors, the Sharpe ratios are obtained 

from the different regression – we run raw returns of mutual funds on the factor returns (look DeRoon 

and Nijman (2001)). The table 1 reports that under the market model with corporate bond index, 5 mutual 
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funds have the Wald spanning statistics exceeding the critical value. It states that managers of these funds 

are able to create the value added comparing with the benchmark portfolio. 
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4.2. Blue Chip Model Results 

Unconditional Approach 

  Under the unconditional approach mutual fund data with weekly time resolution is used.  

Table 3. Blue Chip Model Results (Unconditional approach) 

 

 Table 3 shows blue chip unconditional model results. The table  is across subdivided into three parts, corresponding to 
the number of mutual fund types. This table has vertical division into two main parts in compliance with the unconditional 
model specifications. The alpha column refers to the Jensen’s alphas values for each mutual fund. The Jensen’s alphas are 
transformed in the annual return terms. The “Sign.” columns refer to the Jensen’s alpha significance. The Sum column 
represents the sum of the benchmark portfolio factor weights, excluding the weight of corporate bond index. The Wald 
spanning statistics critical value is 5.991. 
 

 The table 3 represents the results of the unconditional approach to the blue chip model. The table 

shows that under unconditional methodology without corporate bond index 6 mutual funds have positive 

and statistically significant Jensen’s alpha. Notice that fund “Илья Муромец” has Jensen’s alpha about 

60 per cent (as under the corresponding market model). This result can be explained by the fact that this 

mutual fund is a bond fund, while the benchmark portfolio is lack for bonds. As a result, the stock returns 

explain only a part of the regressand, while an unexplained part of dependent variable gets into the 

constant of the model –Jensen’s alpha. The R2 values also indicate that returns of bond mutual funds are 
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poorly fitted by chosen independent variables. Another evidence of the benchmark portfolio imperfection 

is the fact that the Wald spanning statistic values of all funds greatly exceed over the critical value.  

 After adding corporate bond index to the independent variables, Jensen’s alphas decrease for all 

mutual funds, especially for bond funds. It is important to mention that the weight of corporate bond 

index is very high almost for all bond funds, with the exception of two bond mutual funds – “ФДИ 

Солид” and “Русские облигации” which have negative weights of corporate bond index. Perhaps, these 

funds do not follow declared strategies. Under this model 3 mutual funds have positive and statistically 

significant Jensen’s alpha. “Лукойл Фонд Профессиональный” mutual fund still has relative high 

Jensen’s alpha and statistically significant – about 18 per cent. This phenomenon can be explained by the 

fact that all Nikoil mutual funds are interval funds. Such funds are not inclined to invest assets in high 

liquid securities only; most likely these mutual funds invest in the less liquid assets (stocks of “the second 

tier”). Again, we face the situation when a great part of dependant variable is not explained by factors of 

the benchmark portfolio, and this unexplained part gets into the constant of the model. Notice, that under 

the unconditional approach to the blue chip model with corporate bond index, the fit quality is much 

better than under the previous one.  Again, an average fund of each category is not able to outperform 

the benchmark portfolio. 

 The Wald spanning test statistics values reveal that under this model the hypothesis that active 

control does not create value added is rejected for 7 mutual funds.  Finally, the benchmark portfolio with 

corporate bond index looks very appropriate for performance evaluation of all funds. 

 

 

 

 

 

 

  
  
 Figure 3 shows the distribution of Jensen’s alphas under the unconditional approach to the blue chip model, with 
corporate bond index in the benchmark portfolio factor set. 
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 Figure 3 shows the Jensen’s alpha distribution for the unconditional model that uses corporate 

bond index among factors. The average Jensen’s alpha is 2.2 per cent, and this value is statistically 

significant at 10 per cent confidence level.   

Conditional Approach 

Table 4. Blue Chip Model Results  

 

 

  
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
  
 
 This table shows blue chip conditional model results with corporate bond index. Table 3 is across subdivided into 
three parts, corresponding to the number of mutual fund types. The alpha column refers to the Jensen’s alphas values for each 
mutual fund. Jensen’s alphas are transformed in the annual return terms. The “Sign.” column refers to the Jensen’s alpha 
significance. The Sum column represents the sum of the benchmark portfolio factor weights, excluding the weight of corporate 
bond index. The critical value of the Wald test spanning statistics is 5.991. 
  

 The scaled returns methodology uses daily data to avoid insufficient data problem that appears due 

to the increased parameter number. 

 From table 4 it can be inferred that 7 mutual funds have positive and statistically significant 

Jensen’s alphas (6 funds are bond funds, and one fund is an interval fund). The null hypothesis is rejected 

for 8 mutual funds. Notice that no fund has negative and statistically significant alpha. It is worth to 
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comment that the fit quality is somewhat worse than the fit quality of the unconditional model with 

corporate bond index. Perhaps, this fact indicates that the main part of mutual fund portfolio is reformed 

weekly rather than daily.  

 

 

 

 

 

 

 Figure 4 depicts the distribution of Jensen’s alphas under the scaled returns approach to the blue chip model, with 
corporate bond index in the benchmark portfolio. 
 

 From the form of the Jensen’s alpha distribution it can be concluded that under the conditional 

approach alphas are grouped much more on the right from zero than in the previous model. Jensen’s alpha 

mean value is about 9.3 per cent, and this value is statistically valid.  
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Year-to-Year Performance of Russian Mutual Funds     5
  In this section we study changes in year-to-year behavioral pattern of Russian mutual funds.    

5.1. Raw Returns in 1999-2003  

Table 5. Year-to-Year Performance of an Average Mutual Fund 

 

 This table represents the year-to-year performance not only of an average mutual fund of every type but also of an 
aggregate average mutual fund.  
 

 Table 5 provides the Sharpe ratios and average returns for each type of mutual funds for every 

year during the sample period of time.  During the last 5 years bond funds outperformed other mutual 

funds. Perhaps, it happens because in 1998 bond fund portfolios had significant part of their assets 

invested in the government securities, and some time after the collapse the government has met its 

engagements with mutual funds and private pension funds. As the result, in 1999 bond funds achieved the 
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outstanding result - almost 190 per cent return on average. We can also see in the table that stock funds 

have on average the annual return more than the market (S&P RUX index) in 1999 and 2003 only.  

However, the average stock Sharpe ratio almost always exceeds the market one (the exception is 2001). 

Thus, on average stock funds have smaller volatility than the market.  

Table 6. Return Rank Correlations among Russian Mutual Funds 

 This table shows the return Spearman rank correlation coefficients for every mutual fund type during the sample 
period of time. When the number of active funds is less than three, the return Spearman rank correlation coefficients are not 
calculated; for such cases there are N/As in the table. The “Sign.” column refers to the Spearman coefficient significance 
levels. 
  

 Table 6 represents the results of mutual fund return ranking analysis. It is clear that there are not 

any sufficient positive or negative correlations on the return ranking among mutual funds of the same 

type, neglecting the last year. In other words, this analysis reports that mutual funds every year changed 

their places in the return rank during the sample period. 

5.2. Jensen’s alphas in 2002-2003  

Table 7. Average Jensen’s Alphas among Mutual Fund Types 

 

 

 

 

  

 Table 7 reports average Jensen’s alphas among mutual funds of the same type. The “P_val” column refers to the 
Jensen’s alpha significances. “Wald number” column shows the number of mutual funds that has the Wald spanning statistics 
over its critical value. 
  

 Table 7 shows the average result of the regression of mutual fund excess returns on the excess 

returns of the benchmark portfolio factors (eight stocks and corporate bond index) under the 

unconditional model.  In the scaled returns model we have 28 regressors, but in one year approximately 

250 working days are available, so in this case we face insufficient data problem – less than 10 
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observations a regressor. Therefore, the unconditional model was chosen for the persistence analysis. We 

examined only last two years, because we have corporate bond index for this time only. The factor set 

without corporate bond index poorly fits the fund returns, so we decide to study year–to–year 

performance based on the Jensen’s alphas and the Wald spanning statistics for the last two years only.  

 The analysis reveals that on average mutual funds underperformed the benchmark portfolio in 

2002 and outperformed in 2003. The table 6 shows that no stock fund managers were able to create the 

value added with respect to the benchmark portfolio during the last two years. Only for three mixed funds 

in 2003 the null hypothesis is rejected. The Wald test spanning statistics values also shows that active 

portfolio management of five bond funds in 2002 and eight funds in 2003 do add value. 

Table 8. Jensen’s Alpha Rank Correlations among Russian Mutual Funds 

 

 

 

 The table shows Jensen’s alpha Spearman rank correlation coefficient for every type of mutual fund during the last 
two years of the sample period of time. The “Sign.” column refers to the Spearman coefficient significance levels. 
 

 Table 8 reports that there are not any significant correlations of Jensen’s alphas ranking among 

mutual funds of the same type.  

 Information concerning annual performance of each mutual fund may be found in the appendix 2.  
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Robustness Analysis                                                             6 
 In this section we check the obtained result robustness with respect to the composition of the 

benchmark portfolio. To capture the primary goal, we compose the benchmark portfolio of corporate 

bond index and S&P RUX industrial indices, namely oil-gas, energy, communication and industry. The 

S&P RUX indices data is available for all sample period, with daily time resolution.  

 Under the unconditional model with weekly data, the benchmark portfolio using corporate bond 

index is again admitted as more pertinent for performance evaluation of Russian mutual funds than 

benchmark portfolio consisted of S&P RUX indices only. In general, the results of both unconditional 

models with benchmark portfolio with S&P RUX indices are the same as the results of the unconditional 

models with the initial factor set. The same mutual funds have positive and statistically significant 

Jensen’s alphas and for the same funds the Wald spanning statistics values prevail over its critical value 

as in the section 4. No fund has negative and statistically significant alpha. 
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Mutual Fund Portfolio Simulation                7 

 The main goal of this section is the mutual fund portfolio simulation, applying relatively simple 

time series models to form the expectations about the future of the stock market. The weights of portfolio 

stocks are calculated numerically from Markowitz problem with two constraints: on the one hand the 

weight of an asset can not exceed 20 per cent, and on the other hand it can not receive negative value 

(these limitations are obligatory for Russian mutual funds).  

 The results of this simulation may shed the light on the Russian mutual fund performance. Thus, if 

a mutual fund has the return and the Sharpe ratio lower than our replica fund, the fund managers, perhaps, 

use bad strategies. Accordingly, if a mutual fund has the return and Sharpe ratio higher than ours, it 

means that the fund managers use the models that perfectly form the expectations.  

 To simulate stock mutual fund we use 15 Russian most liquid stocks, namely Yukos, RAO UES, 

Gazprom, Lukoil, Mosenergo, Rostelekom, Sibneft, Surgutneftegas, Tatneft, Sberbank, Nornickel, 

Aeroflot, Avtovaz, Dalenergo and Irkutskenergo. The period of the portfolio simulation lasts one year 

from 01.01.2003 to 31.12.2003. We use vector auto regression model with 5 lags to form the future return 

expectations. To estimate the parameters of the model, the stock data from the beginning of the sample 

period to the current time in the model is used. The stock covariance matrix that is calculated from the 

beginning of the sample period to the current time is used as the expected covariance matrix. 

 Figure 5 represents one of the results of the simulation – the portfolio return dynamics. It is clear 

that the return volatility increases drastically in October of 2003. Perhaps, this event reflects the 

Khodorkovsky arrest effect.  

 This simulated mutual fund receives the annual return more than 38 per cent in logarithmic terms 

(more than 46 per cent in usual terms). The return variance happens to be about 8.6 per cent. 

 Figure 6 describes the share price dynamics.  The initial share price is selected as 100 rubles.  At 

the end of the 2003 the share price exceeds 145 rubles. The highest value of the share during the 

simulation period is about 173 rubles. Immediately after this peak, the share has heavily fallen in price for 
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 Figure 5 shows the behavior pattern of the simulated portfolio returns. On the horizontal axis the working day 
numbers are marked.  
 

more than 32 per cent.  It looks certain that this downfall happens in the same time with the return 

variance increase. 

 Figure 6 depicts the dynamics of the portfolio share price.  On the horizontal axis the working day numbers are 
marked. 
 

Table 9. Performance Evaluation of Simulated Mutual Fund Portfolio 

 

 Table 9 represents the results of measuring the performance of the simulated portfolio. 

 Table 9 shows the results of the regression of the excess return of the simulated portfolio on the 

excess returns of the benchmark portfolios. Notice that in both cases Jensen’s alphas are not statistically 
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valid. The Wald spanning statistics values notify that the implemented simulation portfolio strategy 

creates the value added regarding the eight stock benchmark portfolio. Under the model with the 

benchmark portfolio composed of S&P RUX industrial indices our strategy does not create the value 

added. The Sharpe ratio of the simulated portfolio is greater than S&P RUX one. This fact means that our 

fund outperforms the hypothetical S&P RUX index mutual fund. It can be inferred from the appendix 2 

that the simulated portfolio also outperforms 6 from 13 examined mutual funds. The implemented 

strategy is relatively cheap, because it is very simple and easy to put into practice. Therefore, we do not 

take into consideration the simulated fund revenue comparing the modeled fund performance with real 

mutual funds ones. 
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Conclusion                                 
 Both the market and blue chip unconditional models have shown that an average mutual fund 

outperforms the benchmark portfolios with corporate bond index at 10 %  significance level during the 

last two years of the sample period. The models without corporate bond index among the factors have 

reported that on average, mutual funds outperform the benchmark portfolio at 5 per cent level of 

significance during the sample period. The models have also revealed that an average stock fund has 

statistically insignificant Jensen’s alpha. Under the unconditional approach to the market and blue chip 

models without corporate bond index, both mixed and bond average funds have outperformed the 

benchmark portfolios, while under the models with corporate bond index these funds have statistically 

insignificant Jensen’s alphas. The application of the conditional approach to the blue chip model has 

shown that on average obtained Jensen’s alphas are consistent with positive performance rather than 

neutral one. The obtained results are robust with respect to the benchmark portfolio composition. 

  The mean-variance spanning methodology of performance evaluation has shown that under the 

market model with corporate bond index the spanning hypothesis is rejected for 5 mutual funds. Under 

the unconditional approach to the blue chip model with corporate bond index, managers of 7 mutual funds 

were able to create the value added. The Wald test spanning statistics values show that for eight mutual 

funds active portfolio management creates the value added under the conditional approach to the blue 

chip model. We have also found that stock and open mixed funds from the sample are well explained by 

both unconditional benchmark portfolios.  

 Year-to-year performance analysis has revealed that on average mutual funds have greater annual 

Sharpe ratios than the market (S&P RUX index). It also happens that an average bond fund has larger 

annual Sharpe ratio than an average stock fund.  We have found that under the unconditional blue chip 

model, on average mutual funds underperformed the benchmark portfolio composed of blue chips and 

corporate bond index in 2002 and outperformed in 2003. The rank correlation analysis has shown that 

among mutual funds from the sample there are not significant correlations neither in return nor in 

Jensen’s alpha rankings.  
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 We have tested the performance evaluation methodology on the simulated fund returns. The 

mutual fund portfolio simulation has shown that it is possible to obtain good performance applying even 

relatively simple time series models. Our simulated stock fund has the Sharpe ratio more than the Sharpe 

ratios of the market and 6 stock funds of the sample. Under the unconditional approach to the blue chip 

model the Wald test spanning statistics exceeds the critical value. The unconditional model with the 

benchmark portfolio composed of four S&P RUX industrial indices has pointed that the spanning.  
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Appendix 1 

Performance Evaluation of “ПИО Глобал Фонд Сбалансированный”  

 To illustrate the discussed evaluating technology, now we will brifely examine performance 

evaluation of “Глобал Фонд Сбалансированный” mutual fund. The stock returns of Yukos, RAO UES, 

Gazprom, Lukoil, Rostelekom, Sibneft, Surgutneftegas and Sberbank are chosen as the benchmark 

portfolio factor set. 

 

 

 

 

 

 

   

 

 

  
 Figure 7 shows two efficiency frontiers. The solid curve is the efficiency frontier of the benchmark portfolio set 
(without Corporate Bond index), the dash curve corresponds to the efficiency frontier of the benchmark portfolio set (without 
Corporate Bond index) plus “ПИО Глобал Фонд Сбалансированный” mutual fund. 
 

 Figure 7 depicts two scattering efficiency frontiers. It looks certain that there is no spanning under 

the unconditional model. The Jensen’s alpha is positive and statistically significant, it is about 5.82 per 

cent in annual return terms. The value of the Wald spanning statistics is 82.45 that exceeds the critical 

value 5.991. 

Table 10. Weights of Blue Chips in “ПИО Глобал Фонд Сбалансированный” Mutual Fund under 

the Unconditional Model 

 

  
 
 The table shows the weights of blue chips under the unconditional model in the portfolio that replicates “ПИО Глобал 
Фонд Сбалансированный” mutual fund. The “Sign.” row refers to the significance level. 
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 Table 10 shows that the stocks of RAO UES, Lukoil Sibneft, Surgutneftegas and Sberbank are 

statistically significant at 5 per cent confidence level. Notice that no stocks have negative weights. 

 Figure 8 shows two coinciding pointwisely efficiency frontiers. It is obviously that under the 

scaled returns model there is spanning. Jensen’s alpha is positive, but statistically insignificant. The Wald 

spanning statistics is less than 0.87. Thus, under this approach the hypothesis that the fund managers can 

create the value added thanks to the active portfolio management is rejected. 

 

 

 

 

 

 

 

 

 

 
 Figure 8 shows two efficiency frontiers. The solid curve is the efficiency frontier of the benchmark portfolio set, the 
dash curve corresponds to the efficiency frontier of the benchmark portfolio set plus “ПИО Глобал Фонд 
Сбалансированный” mutual fund. 
 

Table 11. Weights of Blue Chips in “ПИО Глобал Фонд Сбалансированный” Mutual Fund under 

the Conditional Model 

 

 

 The table shows the weights of blue chips under the conditional model in the portfolio that replicates “ПИО Глобал 
Фонд Сбалансированный” mutual fund. The “Sign.” row refers to the significance level. 
 

 Table 11 shows that the stocks of Yukos, Lukoil, Rostelekom, Sibneft and Sberbank are 

statistically significant at 5 per cent confidence level. Notice that no stocks have negative weights.  
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Appendix 2 Year-to-Year Performance Evaluation 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 Table 12 shows the information concerning annual returns and the Sharpe ratios of stock mutual funds.  
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 Table 13 shows the information concerning annual returns and the Sharpe ratios of mixed and bond mutual funds. 
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 Table 14 shows the information concerning annual Jensen’s alphas and the Wald test spanning statistics of mutual 
funds.
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Appendix 3 Some Stock Weights in Simulated Portfolio 
   

 Table 15 reports the portfolio weight dynamics of Yukos, RAO UES, Gazprom, Sibneft, Surgutneftegas and Tatneft 
stocks. 
 


